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Abstract: This chapter investigates to what extent, and under what conditions, labour market 

vulnerability may be an important factor shaping attitudes toward immigration. It begins by 

highlighting why labour market vulnerability might affect anti-immigrant sentiment, and why 

vulnerable workers might be especially sensitive to the size of the immigrant population. After 

reviewing various approaches to conceptualizing and assessing vulnerability, the remainder of 

the chapter uses European Social Survey data to examine the relationship between different 

measures of labour market vulnerability and anti-immigrant sentiment – both directly and in 

interaction with education and immigration levels. Two major findings emerge from the analysis. 

First, the type of labour market risk that we focus on makes a difference: overall vulnerability, as 

well as exposure to unemployment and temporary employment, are associated with greater anti-

immigrant sentiment; while exposure to part-time employment, by contrast, has no clear effect. 

Second, the extent to which vulnerability matters appears to vary based on education levels and 

the size of the immigrant population: specifically, results suggest that labour market vulnerability 

has a larger impact on individuals with lower levels of education who live in countries with 

larger foreign-born populations. 
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From debates about the shifting political allegiances of blue-collar “rust belt” voters in the United 

States to discussions of the role “left behind” voters may have played in Brexit, economic 

vulnerability has been attracting a lot of attention. Behind many of these arguments is the claim 

that labour market vulnerability – i.e., being more at risk of part-time employment, temporary 

employment, and/or unemployment – may push native-born workers to become more critical of 

immigrants and immigration. But to what extent does vulnerability actually shape anti-immigrant 

stances, and does its effect depend on other key factors, like education (see Chapter 7) and the size 

of the immigrant population (see Chapter 13)? This chapter explores these questions by building 

on a body of literature that suggests studying labour market vulnerability can help us to better 

understand politics and public opinion (see Schwander 2019).  

The chapter begins by highlighting the spread of precarious employment across the Global 

North over the last few decades, tracing the growing divide between labour market “insiders” – 

who benefit from more robust employment protections and access to more generous social 

programmes – and “outsiders” – who do not. As I explain below, there are strong reasons to believe 

that this division will matter, above and beyond the standard measures of wellbeing and 

employment status (such as income, education levels, and employment contract type). I then go 

on to outline some of the psychological and sociological reasons that may lead labour market 

vulnerability to shape anti-immigrant sentiment; and, based on these considerations, I lay out the 

argument that vulnerable workers may be especially sensitive to the size of the immigrant 

population. The chapter then provides an overview of some of the myriad ways that researchers 

have conceptualized and measured labour market vulnerability, ranging from “snapshot” 

approaches – examining an individual’s employment status at a given moment – to ones that take 

a much longer time horizon – incorporating past experiences on the labour market, or even the 

likelihood of future employment status changes. 

The final sections of the chapter then build on these discussions using original empirical 

analysis – highlighting under what conditions, and to what extent, different types of labour market 

vulnerability can help us to understand how Europeans think about immigration. To do so, it uses 

data from approximately 12 000 responses to the 2014 wave of the European Social Survey, 

including respondents from eighteen countries across Europe (ESS 2014). I then analyze these data 

by adapting and breaking down an established measure of vulnerability (Schwander and 

Häusermann 2013): measuring exposure to unemployment, fixed-term employment, and part-time 
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employment with the help of data from the European Union Statistics on Income and Living 

Conditions (Eurostat 2018). The results presented then range from basic bivariate analyses to full 

multi-level models that take into account an array of individual- and country-level factors.   

The findings from this investigation suggest two major takeaways. First, the type of labour 

market risk that we focus on makes a difference: overall vulnerability, as well as exposure to 

unemployment and temporary employment, are associated with greater anti-immigrant sentiment; 

while exposure to part-time employment, by contrast, has no clear effect. Second, the extent to 

which vulnerability matters depends on education levels and the size of the immigrant population: 

specifically, labour market vulnerability has a greater expected impact on individuals with lower 

levels of education who live in countries with larger foreign-born populations. 

 

Labour Market Vulnerability 

Why focus on labour market vulnerability? Researchers since at least the 1970s have been pointing 

to the spread of labour market precarity (e.g. Berger and Piore 1980; Doeringer and Piore 1971), 

as countries have moved away from the post-war “male-breadwinner” model and toward more 

“flexible” approaches with weaker protections for workers (see, for example, Weisstanner 2021). 

Much of this work has centred around a process labelled labour market “dualization”, which is 

marked by a growing divide between insiders – who benefit from strong labour market positions 

and substantial employment protections – and outsiders – who do not (e.g. Emmenegger et al. 

2012; Kevins 2015; Piore 1980). This shift from “standard” to “atypical” employment has, if 

anything, increased in recent years: the growth of part-time and fixed-term work has occurred 

alongside the rise of the so-called “gig autonomy”, with more and more workers pushed outside 

of the standard employment relationship – and thereby deprived of a wide array of rights and 

protections (e.g., Crouch 2019).  

 Further complicating the situation, the dualization of labour markets has also coincided 

with a dualization of welfare states (e.g., Kevins 2017). There are (at least) two mechanisms 

driving this effect. First, since access to a range of social programmes depends on employment 

trajectories, a growing number of labour market outsiders have found themselves excluded from 

the more generous set of “insurance-based” welfare benefits (see Haüsermann and Schwander 

2012). Second, governments have by and large failed to compensate for this trend: instead of 

increasing benefit coverage in order to benefit the growing class of outsiders, they have typically 
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opted to insulate insiders from retrenchment (e.g. Rueda 2007). The result is a compounding of 

economic vulnerability: vulnerable workers are not only more likely to be pushed into repeated 

stints of unemployment (e.g., Ojala, Nätti, and Lipiäinen 2018), they are also less likely to have 

access to generous benefits – if any at all – when they are unemployed (e.g., Rueda 2014). Indeed, 

research suggests that deregulated and highly dualized labour markets tend to have lower levels of 

welfare state redistribution more broadly (see, for example, Fernández-Albertos and Manzano 

2016). 

 The core argument in this area of the literature, then, is that it is not just the classic measures 

of deprivation, such as income and wealth, that matter: we should be paying attention to labour 

market risks as well. At the same time, “labour market vulnerability” is not simply another way of 

referring to education or skill-levels either – a disconnect that is especially clear in Southern 

Europe, where older low-skilled workers are often better protected than younger high-skilled ones 

(see, for example, Häusermann, Kurer, and Schwander 2015). As a consequence, there are good 

reasons to believe that labour market vulnerability per se is an important subject of study.  

 Building from these arguments, the remainder of this section discusses why, and under 

what conditions, labour market vulnerability might be expected to impact anti-immigrant 

sentiment, before turning to consider how best to conceptualize and measure this phenomenon.  

  

The Impact of Labour Market Vulnerability  

Research on labour market vulnerability has highlighted a wide range of potential negative 

consequences, including greater political alienation, an increased likelihood of voting for anti-

system parties, and lower levels of generalized trust (e.g. Emmenegger, Marx, and Schraff 2015; 

Kevins 2019). Based on the same logic, whereby labour market experiences generate knock-on 

attitudinal and behavioural effects, it seems probable that opinions on immigration will also be 

affected. In this section, I lay out common arguments as to why, and under what conditions, this 

is likely to be the case. 

 The basic starting point here is that perceptions of economic threat can shape attitudes 

toward immigrants and immigration (e.g., Heizmann and Huth 2021; and as discussed in Chapters 

6, 7, and 13, for example). Regardless of whether immigrants actually have any meaningful impact 

on the lives of native-born workers, more vulnerable individuals are disproportionately likely to 

worry about the consequences of immigration (e.g. Dancygier and Donnelly 2012): in a pattern 
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reflecting discourses around immigrants not only “stealing” jobs but also “using up” welfare 

benefits (Taylor-Gooby et al. 2019), workers with lower skill levels tend to be more concerned 

about the impact immigrants will have on their economic well-being and their access to the welfare 

state (Gerber et al. 2017); and labour market vulnerability has been associated with more critical 

beliefs about the economic consequences of immigration more broadly (see Kevins and Lightman 

2020). Similarly, past work suggests that individuals who feel that “people like them” are worse 

off than immigrants are more likely, all else being equal, to believe that immigration poses an 

ethnic threat as well (Meuleman et al. 2020)1.  

 It therefore seems likely that the economically vulnerable may express the harshest 

reactions to immigration. Vulnerable native-born workers are likely to at least perceive, if not 

actually experience, labour market competition with immigrants – partly because immigrants tend 

to be de-skilled upon arrival in their new country, pushing them into less attractive segments of 

the labour market (e.g., Lightman and Good Gingrich 2018). Increased local labour competition 

with immigrants has, for example, been tied to anti-immigrant sentiment as well as support for 

anti-immigrant radical parties (Bolet 2020; Malhotra, Margalit, and Mo 2013); but research has 

come to mixed findings on the relationship between vulnerability and immigration policy 

preferences more broadly (c.f. Pardos-Prado 2020). Further complicating matters, citizens tend to 

be remarkably bad at estimating the proportion of immigrants in their country, with perceived sizes 

far outstripping actual ones (e.g., Duffy 2014). As a consequence, it is unclear whether (objective) 

immigration population sizes matter for anti-immigrant sentiment – with existing studies coming 

to mixed conclusions (c.f. Gorodzeisky and Semyonov 2020; Young, Loebach, and Korinek 2018; 

and Chapter 13 in this volume). 

Despite the many valuable insights generated by past research, however, it is important to 

note that only a fraction of this work looks specifically at labour market vulnerability: many of the 

findings are instead centred around proxies for risk exposure, such as low education and skill levels 

(Paas and Halapuu 2012) or less transferable skill sets (Pardos-Prado and Xena 2019). To address 

my research questions head on, the second half of this chapter will therefore directly examine the 

interplay between labour market vulnerability, a more traditional positional measure (namely, 

 
1 The relative impact of economic considerations (e.g., perceived self-interest) versus symbolic ones (e.g., perceived 
ethnic threat) on anti-immigrant sentiment has been subject to considerable debate (see, for example, Hainmueller 
and Hopkins 2014). These phenomena are generally difficult to disentangle, however, and very likely to be deeply 
interconnected (see Baute and Meuleman 2020). 
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education), and the size of a country’s immigrant population. Yet before we can do so, we must 

first consider how, exactly, to measure labour market vulnerability.  

 

Assessing Labour Market Vulnerability 

So far, we have seen that there are good reasons to believe that labour market vulnerability, above 

and beyond the standard markers of wellbeing and employment status, may shape anti-immigrant 

sentiment. But labour market vulnerability does suffer from one major shortcoming relative to 

measures such as income and education: it is much harder to agree on what, in practice, it actually 

looks like (see Busemeyer and Kemmerling 2020). 

 The classical approach to assessing labour market vulnerability, most commonly used in 

earlier political science research on the topic (e.g. Rueda 2005, 2007), was a binary one. These 

studies start from the position that vulnerable workers are either unemployed or on fixed-term or 

part-time contracts, whereas non-vulnerable workers benefit from permanent full-time contracts. 

From there, it is easy to construct a simple dichotomous measure of vulnerability: with basic survey 

data, protected “insiders” – those with standard employment contracts – can readily be 

distinguished from unprotected “outsiders” – those with atypical contracts, or those currently 

lacking employment altogether.  

This approach generated interesting findings, and also had the benefit of being 

straightforward – but it was quickly criticized for being overly simplistic (e.g., Marx and Picot 

2013). At least in certain countries, it seems clear that many workers are neither insiders nor 

outsiders, but somewhere in between (e.g., Jessoula, Graziano, and Madama 2010). Further 

complicating matters, in modern, fluid labour markets, it is not uncommon for workers to shift 

from one type of contract to another – with or without stints of unemployment in between (see, for 

example, Ojala, Nätti, and Lipiäinen 2018). This observation has important implications for 

research on how labour market vulnerability might shape attitudes: just noting down a person’s 

employment status at a given moment will hide a lot of variation in life trajectories (see Schwander 

and Häusermann 2013). It seems probable, for example, that a newly minted “insider” who had 

spent decades in atypical employment will differ in crucial ways from an “insider” who had spent 

decades in standard employment; similarly, a long-standing “insider” who has been temporarily 

laid off (and is thus now labeled an “outsider”) should probably be distinguished from a worker 

whose fixed-term contract just ended.  
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 The best approach to addressing this issue is thus to explicitly account for workers’ 

employment histories. This is most commonly done using panel survey data, which provides data 

for the same set of respondents over a long period of time – allowing researchers to directly 

examine the long-term consequences of periods of unemployment, fixed-term employment, and 

parti-time work (e.g. Emmenegger, Marx, and Schraff 2015; Schraff 2017). Unfortunately, 

however, this sort of data is expensive, difficult to collect, and relatively rare. Exclusively 

measuring labour market vulnerability in this way would restrict us to studying a small subset of 

countries and attitudes; decisions taken years ago by survey organizers around what questions to 

ask and what countries to study would dictate what researchers will be able to study for decades 

to come.  

 Various workarounds have thus been developed to try to assess the labour market 

vulnerability of individuals when long-term panel data is not available. Rehm (2009), for example, 

divides workers up into their occupational categories, calculates unemployment rates within each 

of those occupations, and then assigns each individual a vulnerability score that reflects the 

prevalence of unemployment in that person’s occupation. Schwander and Häusermann (2013), in 

turn, devised a more refined version of this approach: workers are divided not only by occupational 

class (see Kitschelt and Rehm 2005), but also by key demographic characteristics that have been 

tied to labour market disadvantage (see Häusermann, Kurer, and Schwander 2016); and they are 

then assigned vulnerability scores based on the relative rate of unemployment, part-time 

employment, and fixed-term employment within their particular (demographic-occupational) 

grouping. 

 As should now be clear, there is no single, obviously correct way to study labour market 

vulnerability, and there are major trade-offs to be made between simplicity, accuracy, and data 

availability (for a detailed discussion, see Marx and Picot 2020). Thankfully, there is some research 

to suggest that, at least with regard to certain outcomes, findings are relatively similar across an 

array of different measures (see Rovny and Rovny 2017). In the empirical analysis presented here, 

I use an adapted version of the Schwander and Häusermann (2013) approach, which I then break 

into its component parts: this gives us an overall vulnerability score (what they call “outsiderness”) 

as well as vulnerability scores measuring relative risk of part-time employment, fixed-term 

employment, and unemployment. I provide full details on what this process looks like in practice 

below.  
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Data and Analysis 

The remainder of this chapter empirically explores the dynamics highlighted above, combining 

survey data from the 2014 round of the European Social Survey (ESS 2014) and the European 

Union Statistics on Income and Living Conditions (EU-SILC; Eurostat 2018). As this section 

outlines in detail, the ESS data allow us to explore the factors shaping anti-immigrant sentiment, 

while micro-level data from EU-SILC are needed to construct the measures of labour market 

vulnerability. Overall, the investigation includes data from 11773 respondents from across 

eighteen European countries (see Appendix Table 14.A1 for a detailed breakdown). Given the 

focus of this chapter, the study looks only at respondents born in the country they currently live in 

(i.e., people who are not themselves immigrants) and who are currently still on the labour market 

(i.e., people who are not retired, on long-term disability, etc.).  

 

Dependent Variable 

The analysis centres around anti-immigrant sentiment as measured by a six-item index. The first 

three questions included in the index broadly reflect items in the Comparative Study of Electoral 

Systems that were considered in Section 2 chapters of this volume. Respondents were asked to 

give their opinion as to the impact migrants have on: 

The economy: “Would you say it is generally bad or good for [country]’s 

economy that people come to live here from other countries?” 

 

Culture: “Would you say that [country]’s cultural life is generally undermined 

or enriched by people coming to live here from other countries?” 

 

Crime: “Are [country]’s crime problems made worse or better by people coming 

to live here from other countries?” 

 

The three other items record additional related attitudes, asking about how migrants affect: 

Employment opportunities: “Would you say that people who come to live here 

generally take jobs away from workers in [country], or generally help to create 

new jobs?” 
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Social services: “Most people who come to live here work and pay taxes. They 

also use health and welfare services. On balance, do you think people who come 

here take out more than they put in or put in more than they take out?” 

 

Quality of life: “Is [country] made a worse or a better place to live by people 

coming to live here from other countries?” 

 

Potential responses to each question ranged from zero to ten, and I reverse the scale ordering so 

that higher values always equate to greater anti-immigrant sentiment. On average, respondents 

were most worried about how immigrants might affect crime rates (mean response: 6.35) and least 

worried about their impact on cultural life (mean response: 4.20).2  

I then combine these six questions (using principal-component factor analysis) to create an 

index measuring “anti-immigrant sentiment”.3 Appendix Table 14.A2 provides additional 

descriptive information on the index and its component parts, as well as on all other variables 

included in the analysis (including means, standard deviations, ranges, and percentage 

breakdowns). 

 

Independent Variables  

To examine how economic vulnerability might shape anti-immigrant sentiment, I home in on three 

key variables: two at the individual level, focussed on labour market risk and education levels; and 

one at the country level, accounting for the (proportional) size of the immigrant population. I start 

by outlining the measurement of these three explanatory variables before then listing the various 

controls that are also included in the models.  

 As we saw above, assessing an individual’s exposure to labour market risk can be complex, 

and there is no single clear way to best measure labour market vulnerability. Here I use an adapted 

version of Schwander and Häusermann’s (2013) “outsiderness” scores. In brief, this approach 

centres on the relative labour market risk that individuals face based on their specific labour market 

 
2 Note that, here and below, all analysis is conducted using survey weights. 
3 The Eigenvalue is 3.57, and the proportion of variance explained is 0.59. Factor loadings range from 0.63 (for the 
Crime item) to 0.85 (for Quality of Life). 
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profile. In the original form developed by Schwander and Häusermann, these profiles account for 

differences based on an intersection of gender, age (over/under 40), and occupational category 

(divided into the five post-industrial class groups developed by Kitschelt and Rehm (2005)). The 

measure of labour market vulnerability used in this chapter adapts this calculation process in two 

ways: first, in light of the focus of this study, I add an additional profile marker based on 

immigration status (designating whether or not an individual or their family has immigrated to the 

country); and second, in order to incorporate as wide a range of countries into the investigation as 

possible, I use a simpler measure of occupational category, adapted to the broader groupings in 

the International Standard Classification of Occupations (International Labour Office 2012).4  

 The next step in the process is to apply these divisions to the detailed EU-SILC micro-level 

data (Eurostat 2018), so as to measure the prevalence of part-time employment, temporary 

employment, and unemployment for any given profile across each of the countries in the dataset. 

Subtracting these rates from the corresponding country mean then allows us to calculate the 

relative vulnerability of individuals in each profile group. These scores are then standardized, and 

their average provides an overall “outsiderness” measure. This leaves us with four different labour 

market vulnerability scores – reflecting the predominance of part-time work, temporary work, 

unemployment, and their average (i.e., outsiderness) – for every profile (e.g., young, female, 

native-born managers/professionals) within every country in the analysis. By applying these scores 

to ESS respondents based on each individual respondent’s profile and country of residence, we 

can then investigate the impact labour market vulnerability has on anti-immigrant sentiment.  

 Figure 14.1 provides a first indication of how attitudes toward immigrants might be related 

to the four labour market vulnerability scores under investigation. The figure lays out average anti-

immigrant sentiment across each country in the sample, presenting: (1) mean attitudes among those 

who had a positive risk score (i.e., the comparatively more vulnerable), illustrated with a hollow 

circle; (2) mean attitudes among those who had a negative risk score (i.e., the comparatively less 

vulnerable), illustrated with a solid circle; and (3) mean attitudes within the general population, 

illustrated with a cross. The longer the line between the two dots, the greater the divide between 

the anti-immigrant attitudes of low- and high-risk individuals. This exercise is repeated four times  

 
4 These occupational categories are: managers and professionals; technicians and associate professionals; clerical 
support workers, service and sales workers; skilled agricultural, forestry/fishery workers, and elementary 
occupations; and craft and related trades workers, plant and machine operators, and assemblers. 
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Figure 14.1: Mean anti-immigrant sentiment among high-risk individuals, low-risk individuals, 

and overall, by country and type of labour market vulnerability 

 

Note: All calculations account for survey design (using post-stratification survey weights) so as to reflect the broader 

population distribution in each country.   
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per country, to illustrate the potential importance of overall labour market vulnerability as well as 

its three component parts (i.e., exposure to part-time employment, temporary employment, and 

unemployment).  

 Breaking the data down in this way reveals several insights. On the one hand, we see 

sizeable cross-country differences in anti-immigrant sentiment, with Czechs expressing the highest 

level and Swedes the lowest. On the other, we see a broad pattern suggesting that more vulnerable 

individuals were more likely than less vulnerable ones to take a critical view of immigrants. Yet 

we nevertheless also see important variation based on the type of labour market vulnerability under 

study: exposure to part-time employment has an especially mixed relationship with anti-immigrant 

sentiment; whereas exposure to unemployment is the measure that most consistently correlates 

with higher levels of anti-immigrant sentiment. 

 The other two key explanatory variables are comparatively easy to investigate. To measure 

education levels, respondents were asked to provide “the highest level of education [they had] 

successfully completed” in line with the International Standard Classification of Education 

(UNESCO Institute for Statistics 2012). I then divide respondents into three groups to reflect low-

, medium-, and high-levels of education: those with less than an upper-secondary degree (15.8% 

of the sample); those with an upper-secondary and/or a post-secondary non-tertiary degree (46.7% 

of the sample); and those with a tertiary (i.e., university) degree (37.5% of the sample). The size 

of the immigrant population, in turn, is measured using data from the United Nations (United 

Nations Population Division 2015) and captures the proportion of a country’s population that was 

born abroad.  

 To properly assess the impact of these variables on anti-immigrant sentiment, I also include 

a series of individual- and country-level controls that past research suggests should be taken into 

account (see, for example, Hainmueller, Hiscox, and Margalit 2015; Kevins and Lightman 2020). 

At the individual-level, survey questions in the ESS allow us to control for: household income, 

measured in decile groupings; household size, to complement the household-based income 

measure; gender, measured as a binary variable; age and its square, to account for any potential 

(non-linear) effects of aging; marital status, with respondents in civil unions or marriages grouped 

together; trade union membership; and employment status, with binary variables capturing 

unemployment, temporary employment, and part-time employment. Note that these final variables 

on union membership and employment status are especially important for our purposes, as they 
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allow us to disentangle the effect of a person’s exposure to labour market vulnerability (e.g., the 

risk of becoming unemployed, as calculated using the EU-SILC micro-level data) from the effect 

of a person’s status on the labour market at the moment they answered the survey questions (e.g., 

being unemployed, as recorded in the ESS). 

At the country-level, in turn, the full models include controls for: gross domestic product 

(GDP) per capita at current prices in US dollars, to account for general economic scarcity/wealth; 

the percentage of the working-age migrant population (between the ages of 25 and 69) with a 

university degree, to account for cross-national variation in immigrant skill levels; and the national 

unemployment rate, to account for broad labour market conditions. The GDP data are taken from 

the OECD (2020), while the data on immigrant skill levels and national unemployment rates come 

from Eurostat (2020). 

 

Analysis and Results  

I conduct the analysis in two stages: the first explores how individual-level characteristics may 

shape anti-immigrant sentiment on their own, investigating the interaction between labour market 

vulnerability and education levels; while the second adds national-level variables into the mix, to 

examine how the impact of vulnerability and education may be shaped by the proportion of 

migrants in a given country. In both cases, I investigate these relationships using maximum 

likelihood regressions, with respondents nested in their respective countries; and I include models 

looking at all four of our labour market vulnerability measures. I discuss the results of this analysis 

using figures to illustrate key findings, with full regression tables printed in the Appendix.5   

Turning first to the findings from the individual-level regressions, Figure 14.2 presents the 

factors that appear to shape anti-immigrant sentiment across the eighteen European countries in 

the sample (see Appendix Table 14.A3 for the underlying regression results). The variables 

included in the analysis are listed on the left-hand side of the figure, while the panels show the 

findings for each of the four measures of labour market vulnerability under investigation. 

Interaction terms are marked with an asterisk (e.g., “Labour Market Vulnerability * Secondary 

Education”) and allow us to examine whether the impact of one variable (e.g., labour market  

 
5 The figures in this chapter were drawn using several R packages (Kassambara 2020; Leeper 2018; Lüdecke 2018; 
Wickham 2016; Wickham et al. 2019). The tables, in turn, were produced using Stargazer (Hlavac 2018) and Table1 
(Rich 2020). 
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Figure 14.2: Factors explaining anti-immigrant sentiment, by type of labour market vulnerability 

 

Note: Plots are based on the corresponding models found in Appendix Table 14.A3. Figure includes confidence 

intervals (at the 95 percent confidence level) as well as a dashed vertical line to note the zero marker on the scale. 
 

vulnerability) may change at different values of another variable (e.g., education levels). The circle 

markers, finally, illustrate the effect a variable has on anti-immigrant sentiment: a hollow circle 

indicates an effect that we cannot statistically distinguish from zero (i.e., a coefficient that is not 

statistically significant); while a filled circle indicates an effect that we can conclude with 

reasonable certainty is above or below zero (i.e., a coefficient that is statistically significant at the 

p < 0.05 level, two-tailed). 

Results indicate that among our key control variables, part-time employment is associated 

with lower anti-immigrant sentiment, whereas unemployment is associated with greater anti-

immigrant sentiment (all else being equal). At the same time, and even controlling for other 

relevant factors, the findings suggest that labour market vulnerability and education levels interact 

to shape anti-immigrant sentiment: three of our four measures of labour market vulnerability – 

everything but exposure to part-time work –  are associated with stronger anti-immigrant attitudes; 
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while higher education levels are associated with more liberal stances toward immigrants. For both 

the overall labour market vulnerability and exposure to temporary employment, we also see an 

additional interactive effect: labour market vulnerability’s predicted impact on anti-immigrant 

sentiment is notably smaller among respondents who have completed university education.  

 Figure 14.3 digs deeper into this interactive relationship using the results from the 

regression looking at overall labour market vulnerability (findings vis-à-vis exposure to temporary 

employment look nearly identical). The figure’s left-hand panel shows the predicted level of anti-

immigrant sentiment across a range of labour market vulnerability scores (on the x-axis), broken 

down by education level (illustrated using a solid line for low levels, a dashed line for medium 

levels, and a dotted line for high levels). The right-hand panel, in turn, illustrates labour market 

vulnerability’s marginal effect on anti-immigrant sentiment, broken down by education level (on 

the x-axis). This allows us to see the effect that a one-point change in labour market vulnerability 

would have on anti-immigrant sentiment (i.e., the marginal effect) for three profiles: an “average” 

respondent with (a) less than secondary education, (b) secondary education, or (c) tertiary 

education. 

 Several takeaways emerge from this analysis. First, greater overall labour market 

vulnerability is associated with stronger anti-immigrant sentiment, regardless of a respondent’s 

education level: the slopes are consistently positive in the predicted values plot, suggesting that as 

labour market vulnerability increases, so too does anti-immigrant sentiment; and the effect of 

overall labour market vulnerability is, correspondingly, consistently positive and statistically 

significant in the marginal effects plot. Second, the predicted values plot highlights that while 

individuals who completed tertiary education tended to express lower levels of anti-immigrant 

sentiment, the attitudes of individuals with low- and medium-levels of education were broadly 

similar. Indeed, only at high levels of overall labour market vulnerability do the opinions of 

respondents with low- and medium-levels of education become statistically distinguishable from 

one another. Finally, the marginal effects plot indicates that the size of labour market 

vulnerability’s effect on anti-immigrant sentiment decreases as education levels increase. 

Concretely, based on these results we would expect labour market vulnerability’s impact on anti-

immigrant sentiment to be about twice as large among low-educated individuals as it would be 

among highly educated ones (with a statistically significant difference between the two effect 

sizes).  
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Figure 14.3: Relationship between overall labour market vulnerability and anti-immigrant 
sentiment, by education level 

 

Note: Plots are based on the “Overall” model found in Appendix Table 14.A3. In the predicted values plot, the x-axis 

range excludes extreme values of overall labour market vulnerability (below the 5th percentile and above the 95th 

percentile) to foreground representative effects. The included confidence intervals are: 83.5 percent in the predicted 

value plot, to highlight where values are statistically distinguishable at the p < 0.05 confidence level (overlapping 

intervals indicate insignificant differences (see Bolsen and Thornton 2014)); and 95 percent in the marginal effect 

plot, to similarly illustrate statistical significance at the p < 0.05 confidence level. 

 

 So far, however, I have not yet accounted for potentially relevant differences at the country 

level. To what extent do these dynamics change if I account for national-level factors, especially 

when it comes to cross-country differences in immigrant population sizes?  

Figure 14.4 lays out how labour market vulnerability, education, and the size of the foreign-

born population interact in the models to shape attitudes toward immigration (see Appendix Table 

14.A4 for the underlying regression results). The figure illustrates the predicted size of labour 

market vulnerability’s impact on anti-immigrant sentiment across a range of common “migrant 

stock” levels, with the panels breaking these effects down by education level (i.e., low, medium, 

and high) and labour market vulnerability type (i.e., overall, and exposure to part-time 

employment, temporary employment, and unemployment).  
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Figure 14.4: Impact of labour market vulnerability on anti-immigrant sentiment, by education 
and immigrant population size (as a percentage of the total population) 

 

Note: Plots are based on the corresponding models found in Appendix Table 14.A4. The x-axis range excludes extreme 

values of percentage of migrant stock (below the 5th percentile and above the 95th percentile) to foreground 

representative effects. The figures also include 95 percent confidence intervals, to illustrate statistical significance at 

the p < 0.05 confidence level. 

 

Accounting for national-level variation reveals an important interplay between labour 

market vulnerability, education levels, and immigrant population sizes. First, the figure points to 

an even more systematic impact of labour market vulnerability on anti-immigrant sentiment: only 

with exposure to part-time employment do we see no evidence of an effect. Second, a larger 

immigrant population magnifies the predicted impact that the other three measures of labour 

market vulnerability have on anti-immigrant sentiment. Notably, however, this effect is only 

visible for individuals with low and, in the case of exposure to unemployment, medium levels of 

education. Lastly, in countries with particularly small immigrant populations (below 5 to 7 percent 

of the total population), the predicted impact of labour market vulnerability on anti-immigrant 

sentiment effectively disappears, becoming statistically indistinguishable from zero.  



 

 18 

Results thus suggest that vulnerability does indeed matter, and that it does so even after 

controlling for an array of other labour market- and wellbeing-related considerations. Overall 

labour market vulnerability, as well as exposure to unemployment and temporary employment (but 

not part-time employment), are all associated with higher levels of anti-immigrant sentiment. The 

scope of this effect, however, depends both on an individual’s educational background and on the 

size of a country’s existing foreign-born population: results suggest that labour market 

vulnerability has a larger expected impact on individuals with lower levels of education living in 

countries with larger immigrant populations.  

Two final considerations are worth underscoring at this point. First, findings throughout 

the investigation have indicated that exposure to part-time employment was the only vulnerability 

measure that lacked a clear statistical effect on attitudes toward immigration. What might explain 

this? The simplest answer would be that working hours are simply less important for anti-

immigrant sentiment. Yet it is difficult to draw any strong conclusions on this point, as it may be 

that some types of part-time employment matter more than others: in particular, the data do not 

allow us to distinguish individuals who unwillingly work fewer hours than they would like (i.e., 

involuntary part-time employment) from those who actively choose to work less (i.e., voluntary 

part-time employment). 

Second, it is worth highlighting that the dynamics uncovered above play out similarly even 

if I separately examine the attitudes that make up the anti-immigrant sentiment index: i.e., 

regarding the impact immigration has on the economy, culture, crime, employment opportunities, 

social services, and quality of life. The only notable exception is responses to the crime survey 

item: for this question, labour market vulnerability is only associated with a more anti-immigrant 

perspective among individuals who have not completed tertiary education; and the size of the 

immigrant population does not appear to shape the impact of vulnerability among those with less 

education either. Attitudes on immigrant criminality, then, may be driven by slightly different 

factors – though even here results suggest that labour market vulnerability and education levels 

matter. 

 

Conclusion  

This chapter set out to investigate to what extent, and under what conditions, labour market 

vulnerability might be an important factor shaping attitudes toward immigrants and immigration. 
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It began by highlighting that labour markets have been marked by increasing precarity in recent 

decades, reflecting a process typically labeled “dualization” (e.g. Piore 1980). The interplay 

between employment status and welfare state access has, in turn, contributed to a growing gap 

between (relatively) protected insiders and less protected outsiders – generating a variety of 

attitudinal and behavioural knock-on effects (see Schwander 2019). It then highlighted why labour 

market vulnerability might affect anti-immigrant sentiment in particular, and why vulnerable 

workers might be especially sensitive to the size of the immigrant population. After reviewing 

various approaches to conceptualizing and assessing vulnerability, the remainder of the chapter 

empirically examined the relationship between different measures of labour market vulnerability 

and anti-immigrant sentiment – both directly and in interaction with education and immigration 

levels. 

Extending past work looking at the perceived economic effects of immigration (see Kevins 

and Lightman 2020), the empirical analysis highlighted that different types of labour market 

vulnerability do indeed appear to increase anti-immigrant sentiment. At the same time, the findings 

also suggested that vulnerability may have an especially strong impact on individuals with lower 

levels of formal education – a result that chimes with the broad link between education and labour 

market positions, since risk exposure is likely to be particularly worrisome for low-educated 

workers. That these same workers were the ones affected by the size of the immigrant population 

therefore also makes sense. What is more, given how bad citizens tend to be at assessing the size 

of the immigrant population in their country (e.g. Duffy 2014), it is noteworthy that the findings 

indicate that actual (rather than simply perceived) levels of migrant stock may also be shaping the 

relationship between labour market vulnerability and anti-immigrant sentiment.  
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Appendix Table 14.A1: Number of respondents, per country  

 

Country  Observations  

Austria  572  

Belgium  653  

Czech Republic  717  

Finland  960  

France  748  

Germany  1207  

Hungary  511  

Ireland  633  

Lithuania  656  

Netherlands  726  

Norway  743  

Poland  449  

Portugal  413  

Slovenia  300  

Spain  621  
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Country  Observations  

Sweden  738  

Switzerland  447  

United Kingdom  679  

Total  11 773  
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Appendix Table 14.A2: Descriptive statistics for all variables included in the analysis 

 

 
Total 

(N=11773) 

Anti-Immigrant Sentiment  

Mean (SD) -0.000000000773 (1.00) 

Median [Min, Max] -0.108 [-2.83, 2.79] 

Immigrants Harm the Economy  

Mean (SD) 4.98 (2.38) 

Median [Min, Max] 5.00 [0, 10.0] 

Immigrants Harm Culture  

Mean (SD) 4.20 (2.48) 

Median [Min, Max] 4.00 [0, 10.0] 

Immigrants Increase Crime  

Mean (SD) 6.35 (1.90) 

Median [Min, Max] 6.00 [0, 10.0] 

Immigrants Reduce Job Opportunities  



 

 29 

 
Total 

(N=11773) 

Mean (SD) 5.19 (2.23) 

Median [Min, Max] 5.00 [0, 10.0] 

Immigrants Harm Social Services  

Mean (SD) 5.59 (2.15) 

Median [Min, Max] 5.00 [0, 10.0] 

Immigrants Bad for the Country  

Mean (SD) 4.87 (2.20) 

Median [Min, Max] 5.00 [0, 10.0] 

Labour Market Vulnerability, Overall  

Mean (SD) -0.0110 (0.497) 

Median [Min, Max] -0.0959 [-1.30, 1.58] 

Labour Market Vulnerability, Part-Time Employment  

Mean (SD) 0.00411 (0.504) 

Median [Min, Max] -0.193 [-0.717, 1.68] 

Labour Market Vulnerability, Temporary Employment  
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Total 

(N=11773) 

Mean (SD) -0.0146 (0.496) 

Median [Min, Max] -0.136 [-1.35, 1.96] 

Labour Market Vulnerability, Unemployment  

Mean (SD) -0.0161 (0.491) 

Median [Min, Max] -0.103 [-1.14, 2.38] 

Education Level  

Low Education 1857 (15.8%) 

Medium Education 5496 (46.7%) 

High Education 4420 (37.5%) 

Income Decile  

Mean (SD) 6.11 (2.68) 

Median [Min, Max] 6.00 [1.00, 10.0] 

Household Size  

Mean (SD) 2.74 (1.30) 

Median [Min, Max] 3.00 [1.00, 11.0] 
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Total 

(N=11773) 

Male  

Female 5839 (49.6%) 

Male 5934 (50.4%) 

Age  

Mean (SD) 42.1 (12.8) 

Median [Min, Max] 43.0 [14.0, 87.0] 

Union Member  

Not in a Trade Union 8393 (71.3%) 

Union Member 3380 (28.7%) 

Unemployed  

Not Unemployed 10822 (91.9%) 

Unemployed 951 (8.1%) 

Temporary Employed  

Not in Temporary Employment 9081 (77.1%) 

Temporary Employed 2692 (22.9%) 
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Total 

(N=11773) 

Part-Time Employed  

Not in Part-Time Employment 9498 (80.7%) 

Part-Time Employed 2275 (19.3%) 

Married  

Unmarried 6003 (51.0%) 

Married 5770 (49.0%) 

% of Migrant Stock  

Mean (SD) 11.5 (5.68) 

Median [Min, Max] 12.0 [1.62, 28.8] 

GDP Per Capita  

Mean (SD) 45100 (21600) 

Median [Min, Max] 47800 [14200, 97100] 

% of Skilled Migrants  

Mean (SD) 33.1 (8.78) 

Median [Min, Max] 31.3 [13.7, 50.6] 
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Total 

(N=11773) 

Unemployment Rate  

Mean (SD) 8.64 (4.48) 

Median [Min, Max] 8.00 [3.50, 24.4] 
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Appendix Table 14.A3: Regression analyses, without country-level variables   

 Dependant Variable: Anti-Immigrant Sentiment 

 Type of Labour Market Vulnerability 

 Overall 
Part-Time 

Employment 

Temporary 

Employment 
Unemployment 

 (1) (2) (3) (4) 

Labour Market 

Vulnerability 
0.266*** (0.039) -0.011 (0.049) 0.226*** (0.032) 0.223*** (0.042) 

Secondary 

Education 
-0.163*** (0.026) -0.208*** (0.025) -0.166*** (0.026) -0.176*** (0.027) 

Tertiary Education -0.600*** (0.030) -0.683*** (0.027) -0.616*** (0.029) -0.612*** (0.031) 

Labour Market 

Vulnerability * 

Secondary 

Education 

-0.062 (0.045) -0.043 (0.047) -0.034 (0.038) 0.048 (0.052) 

Labour Market 

Vulnerability * 

Tertiary Education 

-0.127* (0.050) -0.012 (0.053) -0.115** (0.044) -0.095 (0.059) 

Income Decile -0.036*** (0.004) -0.042*** (0.004) -0.036*** (0.004) -0.035*** (0.004) 

Household Size 0.041*** (0.008) 0.043*** (0.008) 0.040*** (0.008) 0.038*** (0.008) 

Male -0.063** (0.021) -0.178*** (0.028) -0.120*** (0.019) -0.165*** (0.018) 
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Age 0.016*** (0.005) 0.011* (0.005) 0.018*** (0.005) 0.014** (0.005) 

Age * Age -0.0002** (0.0001) -0.0001* (0.0001) -0.0002** (0.0001) -0.0001** (0.0001) 

Married -0.007 (0.021) -0.003 (0.022) -0.006 (0.021) -0.006 (0.021) 

Union Member -0.016 (0.024) -0.021 (0.024) -0.018 (0.024) -0.023 (0.024) 

Unemployed 0.152*** (0.033) 0.170*** (0.033) 0.156*** (0.033) 0.148*** (0.033) 

In Temporary 

Employment 
-0.050* (0.023) -0.037 (0.023) -0.054* (0.023) -0.048* (0.023) 

Part-Time 

Employed 
-0.101*** (0.023) -0.077** (0.024) -0.077*** (0.023) -0.081*** (0.023) 

Constant 0.111 (0.127) 0.386** (0.122) 0.072 (0.126) 0.245* (0.123) 

Observations 11 773 11 773 11 773 11 773 

Log Likelihood -19 342.770 -19 380.820 -19 338.920 -19 331.220 

Akaike Inf. Crit. 38 721.540 38 797.650 38 713.840 38 698.440 

Bayesian Inf. Crit. 38 854.260 38 930.370 38 846.570 38 831.170 

Note: Cells contain maximum likelihood regression coefficients, with standard errors in parentheses. All models 

incorporate population and post-stratification survey design weights. + p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 
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Appendix Table 14.A4: Regression analyses, with country-level variables included 

 Dependant Variable: Anti-Immigrant Sentiment 

 Type of Labour Market Vulnerability 

 Overall 
Part-Time 

Employment 

Temporary 

Employment 
Unemployment 

 (1) (2) (3) (4) 

Labour Market 

Vulnerability 
0.283*** (0.039) 0.005 (0.053) 0.290*** (0.033) 0.240*** (0.042) 

Secondary Education -0.167*** (0.026) -0.212*** (0.026) -0.169*** (0.026) -0.184*** (0.027) 

Tertiary Education -0.578*** (0.030) -0.670*** (0.028) -0.598*** (0.029) -0.604*** (0.031) 

% of Migrant Stock 

(Centred) 
0.023 (0.020) 0.025 (0.019) 0.013 (0.020) 0.023 (0.020) 

Labour Market 

Vulnerability * 

Secondary Education 

-0.062 (0.045) -0.006 (0.053) -0.078* (0.038) 0.049 (0.052) 

Labour Market 

Vulnerability * 

Tertiary Education 

-0.106* (0.050) 0.045 (0.059) -0.154*** (0.044) -0.105+ (0.060) 

Labour Market 

Vulnerability * % of 

Migrant Stock 

(Centred) 

0.024** (0.008) -0.011 (0.012) 0.030*** (0.006) 0.026* (0.011) 
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Secondary Education 

* % of Migrant Stock 

(Centred) 

-0.006 (0.006) -0.010+ (0.006) 0.001 (0.006) -0.005 (0.005) 

Tertiary Education * 

% of Migrant Stock 

(Centred) 

-0.035*** (0.006) -0.035*** (0.006) -0.027*** (0.006) -0.032*** (0.007) 

Labour Market 

Vulnerability * 

Secondary Education 

* % of Migrant Stock 

(Centred) 

-0.030** (0.010) -0.005 (0.014) -0.028*** (0.007) -0.006 (0.013) 

Labour Market 

Vulnerability * 

Tertiary Education * 

% of Migrant Stock 

(Centred) 

-0.028** (0.011) -0.0004 (0.016) -0.034*** (0.008) -0.027+ (0.015) 

Income Decile -0.037*** (0.004) -0.042*** (0.004) -0.037*** (0.004) -0.036*** (0.004) 

Household Size 0.043*** (0.008) 0.045*** (0.008) 0.042*** (0.008) 0.041*** (0.008) 

Male -0.047* (0.021) -0.155*** (0.029) -0.108*** (0.019) -0.163*** (0.018) 

Age 0.018*** (0.005) 0.012** (0.005) 0.022*** (0.005) 0.016*** (0.005) 

Age * Age 
-

0.0002** (0.0001) 

-

0.0001* (0.0001) 

-

0.0002*** (0.0001) 

-

0.0002** (0.0001) 

Married -0.006 (0.021) -0.001 (0.021) -0.007 (0.021) -0.006 (0.021) 
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Union Member -0.013 (0.024) -0.021 (0.024) -0.014 (0.024) -0.021 (0.024) 

Unemployed 0.154*** (0.033) 0.170*** (0.033) 0.157*** (0.033) 0.148*** (0.033) 

In Temporary 

Employment 
-0.046+ (0.023) -0.032 (0.023) -0.048* (0.023) -0.039+ (0.023) 

Part-Time Employed -0.105*** (0.023) -0.081*** (0.024) -0.079*** (0.023) -0.087*** (0.023) 

GDP Per Capita 

(Centred) 

-0.00001 

(0.00001) 

-0.00001 

(0.00001) 

-0.00001 

(0.00001) 

-0.00001 

(0.00001) 

% of Skilled Migrants 

(Centred) 
-0.001 (0.009) -0.002 (0.008) -0.002 (0.009) -0.0003 (0.009) 

Unemployment Rate 

(Centred) 
-0.019 (0.018) -0.021 (0.017) -0.018 (0.018) -0.021 (0.018) 

Constant 0.034 (0.128) 0.332** (0.123) -0.034 (0.129) 0.198 (0.125) 

Observations 11 773 11 773 11 773 11 773 

Log Likelihood -19 348.350 -19 393.860 -19 333.760 -19 336.680 

Akaike Inf. Crit. 38 750.700 38 841.720 38 721.530 38 727.360 

Bayesian Inf. Crit. 38 949.780 39 040.800 38 920.610 38 926.450 

Note: Cells contain maximum likelihood regression coefficients, with standard errors in parentheses. All models 

incorporate population and post-stratification survey design weights. + p < 0.10, * p < 0.05, ** p < 0.01, *** p < 0.001 


